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Chapter 1: Getting Started with PyTorch for
Deep Learning
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Linux Mac Windows

Conda Pip LibTorch Source
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Chapter 2: Binary Image Classification
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label: [0, 0, 0, 1]
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label: [0, 1, 0, 0]
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Chapter 3: Multi-Class Image Classification
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Chapter 4: Single-Object Detection
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Chapter 5: Multi-Object Detection
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Chapter 6: Single-Object Segmentation
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Chapter 7: Multi-Object Segmentation
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Chapter 8: Neural Style Transfer with
PyTorch
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Chapter 9: GANs and Adversarial Examples
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Chapter 10: Video Processing with PyTorch

[53]



[54]




100

100

=1
=l
=]

100

=}

20

100

video frames

[

Base Model

Features

output

[551]




[561]




Graphics Bundle Ends Here
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