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과거 정보가 현재까지 잘 전달되지 않는 문제
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dictionary = {‘computer’: 9, ‘dog’: 2, ‘cat’: 3}

query: puppy
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https://github.com/pilsung-kang/Text-Analytics/tree/master/08%20Seq2Seq%20Learning%20and%20Pre-trained%20Models 

https://www.dropbox.com/scl/fi/p9vpn7rnrijwnci2wna4m/Transformer-to-LLaMA_.pdf?rlkey=7utoz00ectj7lpet7lslvlsrq&e=3&dl=0

https://github.com/pilsung-kang/Text-Analytics/tree/master/08%20Seq2Seq%20Learning%20and%20Pre-trained%20Models
https://www.dropbox.com/scl/fi/p9vpn7rnrijwnci2wna4m/Transformer-to-LLaMA_.pdf?rlkey=7utoz00ectj7lpet7lslvlsrq&e=3&dl=0
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https://www.youtube.com/watch?v=-z2oBUZfL2o

https://www.youtube.com/watch?v=-z2oBUZfL2o
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• 𝑑𝑘 𝑑𝑘 = 64, 𝑑𝑘 = 8
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• 대부분의 설정은 영어-독일어 번역 모델과 동일

• 추론 시, 최대 출력 길이 = 입력 길이 + 300

•

16K 토큰 32K 토큰
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